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Abstract — Social media has become a popular means of following the news. At the same
time, they make possible the widespread dissemination of fake news, that is, false and
deliberate news and information have significant negative effects on society. Fake news and
misinformation are a big challenge in all types of media, especially social media. Most of the
information that appears on social media is suspicious and in some cases misleading.
Therefore, the possibility of identifying fake content in online resources is an urgent need that
must be identified as soon as possible to avoid negative impact on society. The purpose of this
study is to increase the accuracy of fake news detection systems on social media. Therefore,
in this research, a news recognition system has been designed whose task is to distinguish the
main news from the fake. In this research, a three-step process has been used to identify fake
news, which has been done in the first stage of preprocessing operations. In the second step,
the feature extraction operation is performed. Feature extraction operations are based on
semantic relationships. In the final step, classification algorithms are used to classify the
news. In this study, the nearest neighbor, decision tree, and support vector classifiers have
been used, which have been combined by a majority vote. Classification criteria have been
used to evaluate the proposed method. The criteria used in this study include accuracy,
precision, recall and F criteria. The results of the experiments show the acceptable efficiency
of the proposed method in detecting fake news. The reason for this superiority can be found in
the feature extraction and classification section.
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machine
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